Introduction
Protest event analysis (PEA) has become a key method of social movement research over the past decades. Oliver et al. (2003) list the increasing use of PEA even among the top-four emerging trends in social movement research. The authors describe these trends as "transcending old categories and boundaries" and combining "methodological and theoretical advances" (Oliver et al. 2003, 214) . The method gained ground in the 1980s and early 1990s,
as Crist and McCarthy's (1996) review article on the methodological repertoires in social movement research highlights. In contrast to most other methods presented in this volume, PEA is a key methodological innovation that emerged within the social movement field itself, and has more recently been adapted and refined to study other research topics.
Researchers rely on PEA, as a type of content analysis, to systematically assess the amount and features of protests across various geographical areas (from the local level up to the supranational level) and over time (from short periods of time up to several decades). Usually, social movement scholars use newspaper articles as their textual sources, but the range of sources has expanded over time and covers, amongst others, police reports and information provided by new digital media. In his comprehensive introduction to content analysis, Krippendorff (2004, 18) defines content analysis as "a research technique for making replicable and valid inferences from texts (or other meaningful matter) to the contexts of their use." Thus, this chapter introduces a specific technique and attempts to provide some practical guidelines for researchers who want to conduct a PEA.
We can certainly question the neat distinction between quantitative and qualitative content analysis since, " [u] ltimately, all reading of texts is qualitative, even when certain characteristics of a text are later converted into numbers" (Krippendorff 2004, 16 ). I will emphasize the interpretative work involved in any PEA, but the ultimate goal of the techniques described in this chapter is still to transform "words to numbers" (Franzosi 2004 ), which then can be analyzed with the help of various statistical tools. To a certain degree, this implies a quantitative approach, but it is significant to note that PEA can be combined with various other techniques, and the data generated with its help can be combined within different research designs (on the two understandings of methods, see Wagemann in this volume).
In theoretical terms, PEA has been used largely to test and refine arguments related to the political process approach. In the words of Klandermans and Staggenborg (2002, xi f.) , "Political process theory offered an innovative method: protest event analysis provided a way of measuring the effects of political opportunities in comparative designs." More specifically, researchers turned to protest event data because of its cross-national, cross-time and/or crossissue comparative character. For example, PEA has provided answers to questions such as how national political contexts influence the levels of protest mobilization or action repertories. At the same time, the longitudinal nature of the data has allowed us to disentangle protest waves, as well as to see how protests co-vary with changes in their environment (e.g., government participation of allies, changes in the economy), or with supposed movement outcomes (e.g., decisions by parliaments, state expenditures). Moreover, PEA has been used to study how various characteristics of protest vary across issue areas.
Protest event analysis
 PEA is a type of (quantitative) content analysis  PEA turns words into numbers  PEA allows for the mapping of the occurrences and characteristics of protests across geographical areas, across issues/movements and over time  PEA is closely linked to the political process approach
This chapter builds on earlier introductions to PEA-most importantly, those by , as well as by Koopmans and Rucht (2002) . I summarize and update this work by introducing recent developments in the field, and I formulate key questions that need to be answered by those who want to conduct a PEA. Specifically, this chapter is structured as follows. The next section presents some main PEA-based research projects. The following two sections focus more closely on the 'how to do' questions: moving from data collection to data analysis. The main focus of the chapter is on aspects of data collection (i.e., on unitizing, sampling, and coding). I only briefly discuss different strategies of data analysis.
Four generations of protest event research: an overview
In this section, I highlight the wide range of questions that can be addressed by protest event data and its offspring. Furthermore, I strongly encourage anyone interested in conducting a PEA to look at the coding manuals and data of earlier projects. This helps us to see the main decisions and dilemmas of any PEA, and it may increase the comparability across datasets.
Many of the existing datasets offer valuable sources for secondary analysis and the possibility of extending the data at hand.
PEA, as a form of content analysis, has several advantages: it is an unobtrusive technique, it can handle unstructured matter as data, it is context-sensitive and it can cope with large volumes of data (see Krippendorff 2004, 40ff.) . To move beyond a few cases and illustrative
examples is also what made PEA so attractive to social movement scholars. As Koopmans and Rucht (2002, 252) state, "PEA provides a solid ground in an area that is still often marked more by more or less informed speculation." Since early work in the 1960s and 1970s, we observe "a virtual industry of protest event data analysis" (Klandermans and Staggenborg 2002, xii) . In bold strokes, one can identify four generations of PEA research (on the development of PEA research, see also Davenport 2009, 25ff; Koopmans and Rucht 2002, 232ff .; Tilly 2008, 19ff.) .
The first generation-"the initiators", as Rucht et al. (1998, 10) call them-consisted of researchers who were interested in various indicators for a large number of countries, or in long-term processes of social and political change. The Handbook for Social and Political Indicators I & II by Russett et al. (1967) as well as by Taylor and Hudson (1972) are the most prominent examples for large N-studies. Tilly and his colleagues, by contrast, were interested in the long-term trends of strike activity and political violence (Shorter and Tilly 1974; Tilly et al. 1975) . However, the authors paid relatively little attention to "the selectivity of the sources, the creation of fine-grained coding categories, and the development of welldocumented rules and procedures" (Koopmans and Rucht 2002, 232) . This led to the first methodological debates over the selectivity of newspaper reports (see the interesting debate between Danzger 1975; Snyder and Kelly 1977) .
Inspired by this research, a second generation developed, which made more extensive use of protest data. This research broke down the data according to various analytical criteria, which was possible as the categories used for the data collection were far more sophisticated. Path breaking studies were Jenkins and Perrow's (1977) work on farmers' mobilization, Kriesi et al.'s (1981) study on political activation events in Switzerland, McAdam's (1982) case study on civil rights protests in the United States, and Tarrow's (1989) study on the Italian protest cycle from 1965 to 1974. These studies focused largely on the emergence and development of social movements that were the result of 'expanding opportunities'. Furthermore, a major innovation within this generation were cross-national designs, such as the one used by Kriesi et al. (1995) in their four-country study of new social movements' mobilization. These projects focused more on the stable elements of the political context to explain differing mobilization levels and action repertoires (on environmental protest, see also Rootes 2003).
Though the second generation was sophisticated with respect to coding procedures and source selection, the authors did not invest a lot of time in qualifying the bias of their sources. Thus, a third generation assessed the bias of newspaper data more systematically. Most importantly, authors focused on the selection bias, i.e., the fact that newspapers selectively report on protest events, and do not provide a representative sample of all events taking place (for reviews, see Davenport 2009: 25ff.; Earl et al. 2004; Ortiz et al. 2005) . 1 Furthermore, among the third generation were those who tried to be more efficient by using electronic approaches to select (and even code) protest events. Most prominent examples of half-automated procedures are (a) the European protest and coercion data (EPCD) collected by Francisco et al. (e.g., Francisco 1996; Nam 2006 Nam , 2007 Reising 1998 Reising , 1999 (Imig 2001, 256f.) . More modest attempts to speed up the selection process are 1 Such selection bias needs to be distinguished from description and research biases.
Description bias means that newspapers report false information about covered events, whereas researcher bias refers to coding and data entry errors (e.g., Franzosi 1987; McPhail and Schweingruber 1998) .
simple key word searches in electronic archives (see, e.g., Maney and Oliver 2001; Strawn 2010 ).
Finally, there is a fourth generation that has developed since the late 1990s. Authors have moved beyond PEA by abandoning the strict focus on (aggregates of) protest events as their coding unit. On the one hand, scholars unpacked single protest events or contentious performances by focusing on action and interaction inside them (e.g., Franzosi 2004; McPhail and Schweingruber 1998; Tilly 2008) . On the other hand, scholars broadened the unit of analysis beyond protest to cover a larger group of public claims making (including protest events) (e.g., Koopmans and Statham 1999, 2010a; Koopmans et al. 2005; Kriesi et al. 2012 ).
The two approaches within the fourth generation clearly differ from each other. However, both attempt to capture the relational aspect of political contention better than traditional PEA, and their coding units share a very similar structure, i.e., subject-relation-object (see
Section 3).
This short history of PEA research should emphasize (a) the broad range of questions that can be addressed with the help of this technique, (b) how the coding unit has been expanded recently, and (c) the considerable efforts devoted to evaluating the validity and reliability of the data. As Tilly (2002, 249) has emphasized in his essay on "event catalogues as theories", scholars are interested in both "a theory embodying explanation of the phenomenon under investigation, and another theory embodying explanations of the evidence concerning that phenomenon." However, in Mueller's (1997) terms, there is both a "representational" approach and a "media theory" approach to how scholars have addressed the selection bias question. The former approach accepts the selectivity of its sources but tries to hold it constant. The latter approach is more interested in precisely examining sources of media selection bias (this is what most of the cited selection bias studies do) and, eventually, incorporates these findings in general theories of protest. Davenport's (2009) to gain information about these events, and how one should organize the process of recording this information. In a well-formulated study, both theory and context must interact to inform these choices (Beissinger 2002, 460f.) .
All questions related to the data collection should be taken with respect to your research question but you should not lose sight of more pragmatic considerations since PEA and its offspring are very resource-intensive techniques. This is illustrated by two examples from our research on national political change in a globalizing world (NPW) (see Hutter forthcoming; Kriesi et al. 2012) . It took around five, full-time, working months to update the French protest data of Kriesi et al. (1995) N=2,000 core sentences).
Because of the high work load of manual content analysis, I encourage all researchers to follow Krippendorff's (2004, xxii) advice, "Beginners in content analysis are advised to start with a small pilot project, to get a feel for what is involved in conducting a larger study.
[…]
Beginning researchers will soon realize that analyzing text is not a mechanical task, and neither is designing a content analysis. Both undertakings require creativity and competence."
Such a small pilot study or pre-test can save a lot of time (and other resources), especially because changing direction during a large-scale coding enterprise involves a lot of additional work-even if you simply want to change the categories used to code a single variable.
What is your main coding unit? Zooming in and out of protest events
A very crucial step is the definition of the coding units, i.e., "units that are distinguished for separate description, transcription, recording, or coding" (Krippendorff 2004, 99) . To put it simply, most research in the first three PEA generations focuses on a fairly similar list of activities as coding units, which are usually labeled as 'protest events'. The list typically covers activities from the collections of signatures, to public rallies and mass demonstrations, and to more confrontational activities (e.g., blockades and occupations), as well as violent ones (e.g., physical attacks and arson). The list reflects the modern "repertoire of contention", whose development in the eighteenth and nineteenth century Tilly (1976 Tilly ( , 1995 Tilly ( , 2008 traced in his path-breaking studies. Furthermore, the list resembles the standard survey questions that are used to measure "unconventional" political participation (Barnes and Kaase 1979; Teorell et al. 2007 (Tilly and Schweitzer 1977, 14) . Second, the German Prodat project defines a protest event as "a collective, public action by a non-governmental actor who expresses criticism or dissent and articulates a societal or political demand" (Rucht et al. 1992, 4) . Third, Kriesi et al. (1995) explicitly refrained from a precise definition of a protest event but used an operational approach by relying on a detailed list of specific action forms. I agree with Beissinger that a key source of the differences is the differing research purpose.
For example, he justifies the use of a narrow coding unit by stating, "Ideally, in this study information on other acts of contention […] should have been collected to obtain a more complete picture of how protest repertoires evolved over time. However, given the sheer number of these events and the fact that the focus of this analysis is not protest repertoires per se but rather nationalism, there were good theoretical and practical justifications for omitting them" (Beissinger 2002, 461) . At the same time, I think that the differences also mirror the general problem that protest is in itself not easy to define. As Rucht et al. (1998, 9) emphasize, "unlike other forms of social and political activities, e.g., electoral behavior, protest is by its very nature a complex phenomenon." In a recent review, Opp (2009, 33ff.) again highlights the concept's ambiguity and definitional differences. To avoid conceptually imprecise concepts, Opp (2009, 38 ) presents a broad definition of protest, as "as joint (i.e. [ Figure 1 about here] Figure 1 presents the number of participants divided by the number of inhabitants. I believe this is the best indicator for cross-national comparisons in the mobilization levels. While the number of coded protest events is a also a very good indicator with which to trace changes over time within a given country, comparing numbers of events across countries is more difficult. In the case of events, not only the size of the country accounts for differences, but the newspapers selected vary also with respect to the number of pages and articles in general, and therefore in their coverage of protests or any other events. Standardizing the number of events by the number of inhabitants, I think, is therefore a less useful strategy (but see
Beissinger and Sasse 2012).
The fourth PEA generation has shifted from protest events to alternative coding units. As stated, some authors have collected data on a far broader set of coding units (including protest events), others have chosen to focus more closely on the dynamics within single events or contentious performances. Koopmans and Statham's (1999) political claim analysis (PCA), as well as Kriesi et al.'s (2012) core-sentence analysis (CSA) exemplify the first approach, whereas the work of Franzosi (2004) and Tilly (2008) exemplifies the second. The two approaches clearly differ from each other. However, both attempt to capture the relational aspect of political contention better than traditional PEA. This is reflected in the very similar basic structure of their coding units: subject-relation-object. In the following, I illustrate the two approaches by briefly discussing PCA and Tilly's latest work. Koopmans and Statham (1999) introduce PCA as a way to move beyond "protest-centric"
PEA for measuring political contention, and as a way to systematically link protest events with relevant covariates. The new coding unit is an instance of claim-making (a claim) and is defined as follows: "A political claim-making act is a purposeful communicative action in the public sphere. Claim-making acts consist of public speech acts (including protest events) that articulate political demands, calls to action, proposals, or criticism, which, actually or potentially, affect the interests or integrity of the claimants or other collective actors" (Koopmans and Statham 2010b, 55 ). An 'ideal-typical claim' involves the following grammar sequence: "an actor, the claimant, undertakes some sort of action in the public sphere to get another actor, the addressee, to do or leaves something that affects the interests of a third actor, the object, and provides justification for why this should be done" (Koopmans and Statham 2010b, 55 (Tilly 2008, 36) . Around 1,500 different verbs were coded and re-grouped into forty-six aggregate categories (for example, attack, gather, request or thank). More specifically, Tilly analyzes the clustering of verbs, broad shifts in the verbs over time, as well as subject-object pairs. For example, the analysis of shifts over time highlights the rise of more modular actions at the expense of direct attacks against enemies and wrongdoers. Furthermore, the increasing importance of the Parliament in public affairs is seen as both cause and effect of the shift from direct attacks to bargaining and support (Tilly 2008, 49ff.) .
Is it worth the effort?
It is significant to note that both approaches tend to increase the data collection efforts. In addition, broadening the coding unit may lead to data that includes almost no protest activities and, therefore, makes the analyses of specific features of protests, as well as the co-evolution of protests and its covariates, almost impossible. aggregates of specific variables (e.g., the actors involved in a public debate) or, in Tilly's approach, the set of activities/verbs covered is too restricted to allow a more fine-grained analysis of how protest activities are embedded in the wider stream of political conflict (for an alternative unit of analysis, see Kriesi 2009 ).
for less institutionalized forms of mobilization, we decided to focus on protest events as our coding unit by extending the Kriesi et al. (1995) data. This allowed us to compare the activities within the electoral arena to what we called the protest arena (see Hutter forthcoming). However, we all know that political conflicts are not only articulated by political parties within election campaigns or by spectacular protest events. That is why we also analyzed public debates, defined as all communication related to a particular issue, irrespective of the arena in which it occurs. More specifically, we focused on three central issues related to globalization (i.e., immigration, European integration, and economic liberalization) and broadened our coding unit to so-called core sentences. 4 By doing so, we were able to identify, amongst others, the contribution of political arenas to the public debates over globalization. For example, the range of statements linked to the protest arena varied from 12.9 percent in the case of the immigration debate, via 5.6 in the economic liberalization debate to a mere 0.3 percent in the European integration debate (Helbling et al. 2012, 212) .
How to delimit events in time and space. After choosing the range of events covered by your coding unit, "the delimitation of events in time and space has be to decided" (Koopmans and Rucht 2002, 236) . This involves the question of the time period and the geographical area to be covered by the data, as well as the delimitation of single events from each other. For example, the NPW project asked the questions of whether and how globalization has given rise to a new cleavage in West European politics. Since we know that globalization, in its different forms, has accelerated since the late 1980s, we chose to study electoral politics and protest politics in the period from the 1970s to the mid-2000s. Since the coding of the three issue-specific debates was very time-consuming, we decided to restrict this step to the years 2004 to 2006, i.e., to a period when the new integration-demarcation cleavage is expected to have become manifest, which allows a more detailed analysis of its structure.
As Koopmans and Rucht (2002, 236) emphasize, questions of territorial delimitation need to be carefully addressed in a global age to avoid problems of methodological nationalism (for some suggestion on a 'cosmopolitan political science', see Grande 2006) . For example, in a recent study, we were interested the way the volume of Europeanized protests differs across countries. For this comparative analysis, we selected and protest events with 'national participants' (either reported individuals or organizations) and protests that take place on the national territory of a given state (which is the standard approach in cross-national PEA). In the case of Germany, this means that 22.6 percent of all Europeanized protests did not take place on German soil. Most of the events that did not take place in Germany but that involved
German participants have taken place in Brussels or Strasbourg. 
What are your sources? What is the selection bias of your sources?
Every PEA faces also the challenge of selecting sampling units, i.e. "units that are distinguished for selective inclusion in an analysis" (Krippendorff 2004, 98) . For survey research, the sampling unit is usually the same as the coding unit. However, this is typically not the case in PEA research. Furthermore, as Krippendorff (2004, 111) aptly states, "The universe of available texts is too large to be examined as a whole, so content analysts need to limit their research to a manageable body of texts. Although attempting to answer research questions from a limited set of data introduces the specter of sampling bias, it is possible to collect data by means of sampling plans that minimize such bias." The following section focuses on the type of sources, the absolute and relative selection bias of newspaper data, as well as half-automated procedures to speed up the selection process (because often the selection of relevant articles is more time-consuming than the actual coding).
Mass media content in general, and newspapers more specifically, are still the primary source for PEA. We can select different types of newspapers. The main differences are the geographical focus and the quality press/tabloid distinction. Other mainstream media sources are international news wires (e.g., Reuters, Agence France Press). More recently, internetbased sources offer another source for PEA. For example, Almeida and Lichbach (2003) compare activist-based internet-sources with traditional media outlets, and find that the former report more, and a broader range of, transnational protest events than the later. In an innovative study, Earl and Kimport (2008) introduce a form of PEA that produces a generalizable sample of online protest activities. Regarding non-media sources, police archives are the most often used type of source (e.g., Fillieule 1996 Fillieule , 1997 Hocke 1998 Hocke , 2002 McCarthy et al. 1996c; Wisler 1994; Wisler et al. 1996) . In some cases, activist archives can also be helpful in collecting data on a specific movement/issue area (e.g., Foltin 2004 ).
Again, the number and type of sources depends on the research purpose. To be more precise, Koopmans (1995, 253) aptly states, "It is the poverty of the alternatives that makes newspapers so attractive." The major advantages of newspapers are access, selectivity, reliability, continuity over time, and ease of coding. Newspapers report on a regular basis, they are kept in public archives, and-at least in case of quality newspapersthey try to maintain their credibility by covering events accurately. Though police archives have certain advantages over newspapers (e.g., the coverage of smaller events; usually, more structured reports), they are also biased, less comparable (even within a single country), and often contain less information on certain key variables of interest (e.g., the goals of the protestors). As Myers and Schaefer Caniglia (2004, 522) state, "The police data strategy used in recent studies is not much help because it is workable only on a local level. For a national or international study, it would be impossible to locate comparable police records for the hundreds of locations involved." Similarly, international news wires might be a good source to map broad transformations, such as the rise of Europeanized protests in all EU member states. However, international news wires are not as well suited for cross-national comparisons since they often neglect protests in smaller countries (Imig 2001, 256f.) .
In other contexts, you might however want to focus on multiple sources. For example, Beissinger (2002, 476) advocates the use of multiple sources in politically unstable contexts, "although scholars studying protest in advanced industrial societies prefer a single set of newspaper sources available throughout the entire period under study to ensure consistency in coverage, the reality is that in a revolutionary society like Gorbachev's USSR, this is impossible. In a revolutionary society the best strategy available to a researcher may well be a 'blanketing' strategy, utilizing multiple sources and multiple types of information whenever they are available." As stated earlier, Davenport (2009) presents the use of multiple, biased sources as a general research strategy. While this might be a way to deal with selection bias problems, I think it is most important in exactly the type of context that he studies: the peak of a highly controversial and salient conflict.
6 Furthermore, the newspapers were selected with respect to six criteria: continuous publication throughout the research period, daily publication (Monday to Saturday), high quality, comparability with regard to political orientation (none is either very conservative or extremely left-wing), coverage of the entire national territory, and similar selectivity when reporting on protest events (for an empirical test of the last two criteria, see Hutter forthcoming). that large and violent events are more likely to be reported than small and peaceful ones (e.g., Barranco and Wisler 1999; Fillieule 1996; Hocke 1998 Hocke , 2002 McCarthy et al. 1996c; McCarthy et al. 2008; Maney and Oliver 2003; Oliver and Maney 2000; Oliver and Myers 1999) . Rucht and Neidhardt (1998, 76)  News agency characteristics: Danzger (1975) showed years ago that the presence of a wire service in a city increases the likelihood that an event will be covered. Oliver and Myers (1999) (1996a, 492) observed some effects, these effects "are dwarfed by the consequences of size on media coverage." In another local study, Oliver and Maney (2000) show that legislative conflict over an issue increases the likelihood of a protest being covered.
Overall, the results on issue characteristics are less clear-cut than on event and news agency characteristics (Ortiz et al. 2005, 401) . Another crucial question is whether these biases are consistent over time. Some studies find inconsistent patterns across short periods of a week or a month (e.g., Myers and Schaefer Caniglia 2004; Oliver and Maney 2000; Swank 2000) , whereas others show that the patterns of selection bias tend to be stable. This holds especially within individual newspapers, for national sources, and over longer periods of time (e.g., Barranco and Wisler 1999; McCarthy et al. 1996c; McCarthy et al. 2008) . Those who find rather negative results tend to focus on the local level and cover both protest events and more 'conventional' forms of action (Oliver and Maney 2000; Oliver and Myers 1999 Scholars who adopt, in particular, a 'representational' approach ask the question of whether adding more sources or sampling more articles from a specific source is really worth the investment. I believe that an answer to this question depends a great deal on the aggregation level of issues and time periods. For example, the minimalist strategy chosen by Kriesi et al. (1995) becomes more problematic when we disaggregate these variables too far. For example, tracing the development of a specific type of environmental protest over time (e.g., transportation issues), or looking at yearly changes in welfare-related protests, seems not very reasonable with this dataset. To emphasize this point, Table 2 shows that when we take a middle-range aggregation level, the minimalist strategy leads to almost the same results as the more encompassing Prodat strategy. The table presents correlation coefficients for the trends based on Prodat and the updated Kriesi et al. dataset . It is clear that the more we aggregate the time variable (moving from one-year to five-year periods), the closer the fit between the two trend lines. Based on five-year periods, the development of the absolute number of events and participants is highly correlated (r=0.93 and 0.95), and the salience of specific issues is even more closely related (r>0.96).
[ Table 2 about here]
Since there is no standard solution to the selection of sources, each researcher should at least explicitly justify the selection, discuss its advantages and disadvantages, as well as refer to the literature or their empirical material to discuss how the selection of source(s) might have affected the findings and general conclusions. However, as Earl et al. (2004, 96) state, in a historical perspective, it is "rather ironic that researchers are so concerned with selection bias". Many earlier designs were not based on systematic quantitative research, or sampled on the dependent variable (Olzak 1989, 121) . Thus, the discussion of selection bias problems should also focus on relative improvements over prior research strategies. As shown the 'how bad question' depends very much on your research question and the aggregation levels of key variables.
Finally, I would like to point to the possibility of half-automated selection strategies. We can distinguish rather simple keyword-based searches from more advanced methods. Some scholars doubt the usefulness of keyword-based searches (e.g., Maney and Oliver 2001), but our own experiences were very positive. When we updated the Kriesi et al. (1995) data, we used a comprehensive list of keywords to be both more efficient and consistent with the manually selected data sets. For example, we performed comparability tests based on the 1993-1999 time period for Switzerland, and for two years in all the other countries. Overall, the results are good news for those relying on electronic selection since there are hardly any differences between the manual and electronic search strategies (results available upon request). However, this type of selection is still very time-consuming, since it entails looking at many false positive hits. More advanced technologies rely on text classifiers that usually work on word frequency models. First tests show that such techniques perform quite well and clearly reduce the workload involved in the selection of articles (see Wüest et al. 2013 ). While the half-automated selection of protest events from digital text sources works relatively well and can also be implemented quite easily in smaller research projects, the half-automated coding of events is still mainly restricted to English sources and to highly standardized types of texts (e.g., the titles of news agency reports, as used by some projects in the third generation of PEA, see Section 2).
The accuracy of the electronic archives is of course another issue that needs to be considered when you plan to use the digital versions of newspapers. For example, in the case of the United Kingdom, we had to manually select all legends to pictures since they were not systematically included in the electronic text archive of The Guardian. Thus, you should always check the quality of the electronic archive before the data collection. However, the quality of the digital newspaper archives has increased over time. Thus, potential differences between printed editions and the electronic archives seem no longer such a significant issue for research focused on more recent time periods.
What specific variables do you want to code? How do you organize the coding process?
For the coding, you should prepare a codebook in which you present instructions for the delineation of events as well as for the coding of all the variables that you are interested in.
This step shows clearly just how flexible PEA is, since you can gather information on a whole range of characteristics of your coding unit. For example, the final Prodat dataset covers more than 170 variables, and the Europub dataset around 120 variables. However, as stated by Koopmans and Rucht (2002, 257) , we should not "just create a shopping list of items of interest" when it comes to the specific variables coded. Note that Prodat and other datasets were created precisely to answer many different research questions and, therefore, the list of variables is very long. Apart from secondary analysis, this long list can also help you to see for which variables newspapers usually provide information (for an instructive list of variables, see Rucht and Neidhardt 1998, 82) .
It is important to say that coding instructions should be formulated as precisely as possible. It is always advisable to work with examples and borderline cases. Even if one person alone does the coding, clear instruction guidelines need to be written. This helps a great deal when it comes to the analyses of the data, and it makes the work more accessible and comprehensible for non-specialists. Again, the existing codebooks are very valuable sources and you should also consider making your own codebook and data available to your readers. In addition, it is important to formulate exhaustive and mutually exclusive categories for the specific variables.
If multiple values for a given variable need to be coded (e.g., the goals of the protestors or the addressee), I would suggest using multiple variables and not additional categories of the same variable. It is also quite helpful for the recoding and analysis of the data when the dataset includes a string variable that contains a brief description of the event. For example, we let our coders briefly answer the following questions in this variable: Who protests? What form of action do they use? Where do they protest? What do they want? Preferably, the coder should use the words/phrases used in the article.
For the organization of the selection and coding process, it is important to treat it as a sequence of related steps. Based on their experiences with Prodat, Rucht and Neidhardt (1998, 85 ) present an ideal sequence of seven steps: (1) scanning and copying articles; (2) selecting articles that definitely refer to protest events; (3) sorting articles according to protest themes and campaigns; (4) reading articles over a period of several weeks or months; (5) coding protest events; (6) putting aside problematic cases for group discussion or a decision to be taken by the supervisor, (7) depositing articles in the hard copy archive. I would also recommend separating these steps. In the case of electronic searches, it is also helpful to print out longer articles, which need to be coded. Furthermore, it is clearly worth investing some time in developing a coding application: this can range from a simple Excel file with a few macros to more sophisticated programs, such as Filemaker.
It is also important to note the problem of missing information. Often, newspapers do not report on all aspects of a protest event, in which researchers are interested in. For example, in the NPW protest event data, we are missing information on the number of participants in around every fifth event coded, while the number and type of organizations involved is not reported in more than half of all the events. How missing information is treated clearly depends on the type of information (for example, missing information on the number of injured people often indicates that there were no injuries). In the NPW project, missing participation figures have been replaced by the national median of the number of participants for a given type of event (e.g., a demonstration) in that country. However, the overall number of participants is not affected as much by this decision since only a very small fraction of events is responsible for a very large number of all participants being reported as taking part in protest activities.
Intercoder and intracoder reliability is an important issue since we want to demonstrate the trustworthiness of the data generated by means of content analysis (Krippendorff 2004, 211ff.) . In the end, the application of coding rules by humans will always involve subjective interpretation and thus potential sources of error, which can be minimized by clear coding instructions and regular reliability tests (both before and during the coding process). It is significant to note that reliability needs to be tested both for the identification of a relevant coding unit and for the coding of the various specific variables. Often, the consistent identification of relevant units (i.e., protest events or subject-relation-object triplets) is even more challenging than the coding of specific variables (e.g., the number of participants or form of action). To assess the reliability of a half-automated selection procedure, we gave an Much PEA-based research presents quite simple descriptive statistics, such as the mobilization levels shown in Figure 1 . This is clearly related to the fact that PEA scholars invest a great deal in the data collection, and collect information on objects that are not as easy to grasp, or, to restate Koopmans and Rucht (2002, 252) , "PEA provides a solid ground in an area that is still often marked by more or less informed speculation." Thus, simple unior bivariate statistics and plots often help in answering key research questions, and are an easy way to present your data. Apart from such simple graphs, we can rely on multivariate methods for analyzing the protest event data, ranging from methods that try to uncover a certain structure (e.g., factor analysis, multidimensional scaling) to those that try to test a certain structure (e.g., multiple regressions).
To give you an example, we were interested in the structure of the political space in the different political arenas. We used multidimensional scaling (MDS) techniques to uncover the structure of the partisan space and the party configuration within that space. MDS is a very flexible method, quite similar to factor analysis, and allows for a graphic representation of similarities or dissimilarities between pairs of objects (see Cox and Cox 2001; Kruskal and Wish 1984) . The unfolding technique we used allows for the joint representation of actors (e.g., parties) and issues in a common space. In addition, a variant of MDS, called weighted metric multidimensional scaling, enabled us to account simultaneously for similarities between pairs of objects (party positions with respect to a set of issues in our case) and relationships (the salience of the respective issues for each party and the salience of the different parties in the party system).
[ Figure 2 about here] With respect to party-sponsored protest events, such a strategy could be used to answer the question of whether political parties are more likely to sponsor a protest event taking place at a certain stage of the electoral cycle, when controlling for the most important other characteristics of a given event. To do so, I also performed logistic regressions and used single protest events as my cases. More specifically, the models include two independent variables related to the timing of the event: (a) has the event taken place during the election campaign or not? (b) Has the event taken place in the middle of the electoral cycle or not?
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Regarding other characteristics of a protest event, I include information on the involvement of other formal organizations, the form of action, the number of participants, as well as the goal of the event. Table 3 shows that the hypothesis that parties' involvement in protest activities closely follows the electoral cycle is not supported. Only the French political parties tend to be more likely to support protest events that take place both during the election campaign and in the middle of the electoral cycle. In all other countries, we find only significant effects of the other event characteristics on party sponsorship. In most countries, political parties are most likely to support moderate protest events with a high number of participants, and those events that are co-sponsored by other formal organizations. Thus, it seems more the event as such that leads political parties to enter the protest arena, and not so much the relative timing of elections.
[ 
Conclusion
This chapter introduced traditional PEA and its most recent advances that either cover a broader set of coding units or try to disaggregate single protest events or contentious performances. To begin with, I presented a brief history of PEA research and introduced a few major research projects based on this technique. On the one hand, the overview should emphasize the broad range of questions that can be addressed with the help of protest event data. On the other, much of the existing datasets offer valuable sources for secondary analysis, or the possibility to extend the data in time and space. Thereafter, the main part of the chapter focused on aspects related to the data collection. More specifically, I presented the main decisions relating to the coding unit, the sampling unit, and the coding process. By doing so, I
wanted to highlight that PEA is a very powerful and flexible tool for social research.
However, every scholar needs to make fundamental decisions that are based on both research interests and pragmatic considerations. For example, broadening the coding unit leads to valuable information on important co-variates of protest events (e.g., elite discourse) and allows us to situate the activities of SMOs and other NGOS in the wider public debate over certain issues. At the same time, it tends to move a researcher's focus away from protest events (that are often rather rare events in these datasets).
This chapter also briefly summarized the main conclusions of the literature on the selection bias of newspaper data. As Earl et al. (2004, 77) Because of the resource-intensive nature of PEA and related techniques, most studies cited in this chapter came out of large-scale and often collaborative research projects. This is also reflected in the way the results are reported and published. While there are many journal articles published based on protest event data-especially related to the questions of selection bias-the most influential contributions in the field are published as single-or co-authored monographs. Publishing the findings based on PEA and its offspring in this way allowed the researchers to exploit the full descriptive potential of their data, to embed the quantitative findings in a broader theoretical argument, and to give the reader all the necessary details about the way the data were collected in the first place. However, this should not suggest that PEA cannot and should not be used in smaller research efforts. But, as suggested in this chapter, researcher should definitely test their strategy in a pretest and should invest in new and creative research designs, which may also take advantage of the already available datasets.
In general, I would like to urge social movement scholars to be creative when it comes to new coding units, to sampling strategies, as well as to the combination of different types of content analysis within a single research project. For example, we are still missing a coding unit that really links protest events within chains of various political activities in other political arenas.
Moreover, it is as yet not very common to code broader public debates among various types of actors by means of PCA (or another relational type of content analysis), and then oversample articles relating to relevant protest events and code these articles with the help of a traditional PEA. This would allow the researcher to broaden the unit of analysis without the risk of losing sight of protest politics. Furthermore, the potential of sophisticated tools for automated content analysis has not yet been fully exploited in social movement studies. 1990, 1995, [2000] [2001] [2002] Political claim Seven issue areas Several newspapers per country europub.wzb.eu/ directly on the web. For many of the other projects that were mentioned in Section 2, it is however easy to get additional information on the data collection (and sometimes even the data) by directly contacting the authors. 1975-79, 1980-84, 1985-89, and 1990-94 . Legend: rl = radical left, ml = moderate left, mr = moderate right, rr = radial right Note: For the MDS, party groups are weighted by their share of protest events, and the weights per country sum up to 1. The final configuration has been rotated so that the cultural conflict dimension is arranged vertically and positions supporting cultural demarcation are placed at the bottom. 
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